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Goal

Understanding indoor scenes observed in RGB-D images
ARobotics | . =
AAugmented reality " |
AVirtual tourism
ASurveillance
AHome remodeling
AReal estate
ATelepresence
AForensics
AGames
Aetc.
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Understanding indoor scenes observed in RGB-D images
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Goal

Understanding indoor scenes observed in RGB-D images in 3D
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Goal

Understanding indoor scenes observed in RGB-D images in 3D

ASurface reconstruction
AAmodal object detection
AObiject relationships
AMaterials, lights, etc.
APhysical properties
ANovel views
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Goal for This Talk

Learn ConvNets to recognize patterns in voxels
ALocal shape descriptor
AAmodal object detection
ASemantic scene completion
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Local Shape Descriptor

Goal: train a discriminating 3D local shape descriptor from data
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ocal Shape Descriptor

hallenge: where to get training data?




Loc al Shape Descriptor: n3D M,

Approach: train on wide-baseline correspondences in RGB-D reconstructions
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Local Shape Descri ptor: A3D Matcho

Approach: train on wide-baseline correspondences in RGB-D reconstructions



